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Field research holds a special place for those who conduct it. It is also our anchor for relevance in the
corporation. This paper explores the anthors’ experiences with “ethno-mining”, a way of joining
data base mining and ethnography. Since 2004 we have been using a variety of sensing and
bebavioral tracking technologies in conducting field research. We will present the main
characteristics of doing ethno-mining, compare ethno-mining to other field research technologies,
highlight the strengths of ethno-mining in co-creating data with participants and conclude by noting
how the representations have opened new conversations and discourses inside the corporation. In this
way, these new opportunities to collect sometimes connterintuitive data contributes to the research
utself as well as the ongoing process of constructing oneself as relevant.

“Where are the visualization tools that allow the contradictory and controversial nature of matters of
concern to be represented? ... What is needed ... are tools that capture what have always been the
hidden practices of modernist innovations: objects have always been projects; matters of fact have
always been matters of concern. ... What I am pressing for is a means for drawing things together —
gods, non-humans, and mortals included.”

Bruno Latour — keynote lecture for the Network of Design meeting of the Design History Society, Falmouth,
Cornwall, 3 September 2008.

INTRODUCTION

Ethnography ain’t what it used to be. Recently anthropological writing has focused on
the changing nature of what is “the field”, anthropologists’ relationship to patticipants in
research, and bounds to research problems (Amit 2000; Blomberg 2005; Cefkin 2006;
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Cerwonka and Malkki 2007; Fabian and Marcus 2009; Gupta and Ferguson 1997; Rabinow
2005; Strathern 2004). Primarily the focus has been on theoretical issues raised by doing field
research, despite the continued privileging of the firsthand account as a way of marking the
field off from others. This paper is not about that. Theory plays a critical role in field
research but field research practices have also historically transformed alongside introduction
of new technologies, like tape recorders, cameras and video. This is not to argue
deterministically that technology has pushed field research to do certain things, but simply
that our knowledge, like our informants’, shape and are shaped by the material world. We
have recently had the opportunity to grapple with a new kind of technology to be used in
field research—behavioral tracking technologies. As these become simpler, inexpensive and
more ubiquitous, anthropology will need ways of thinking about what these mean not just
for societies at large, but for our own discipline, if anything. In this paper we will introduce
a notion of “ethno-mining,” which was our way of understanding what these technologies
might contribute to research, and describe some of the advantages and challenges that come
with it in practice.

Ethno-mining is a tool that began life as an experiment within human-computer
interaction (HCI) research communities to merge database mining and field research
(Aipperspach 2007). We subsequently built on this work to employ it as a means to conduct
cultural analysis. It combines the semi-automated collection and analysis of behavioral data
with the collection and analysis of qualitative data in an open and iterative analytical
framework, relying heavily on shared artifacts, in our case data visualizations, for the co-
construction of meaning. The focus on cultural analysis (see Bezaitis 2009) attempts to
articulate symbolic meanings, cultural practices and social situations surrounding a particular
research topic. We provide this as contrast to other modes of field research within corporate
settings that may focus on identifying personal motivations and individual needs. Instead,
approach peoples as constituted by systems of interwoven meanings and practices, not as
users of products with needs fixed a priori. One could think of this as the difference
between finding findings and ereating findings in partnership. In the same vein, we generally
follow Marcus’s (1995) notions of multi-sited ethnography, where we are focused on
research that looks across social geographic and cultural sites, rather than highlighting or
exoticing the particularities of one site, location or context.

This is all to say that as we outline our use of ethno-mining, it is important to
understand these epistemological assumptions, as they also structure the practical goals of
research. Specifically we are arguing that when used in particular ways, data mining
techniques, which have largely been developed for market research agendas (and for the
purposes of furthering the panopicality it so often pretends), can nevertheless be used in
ways that work well with the principles behind multi-sited ethnography, science and
technology studies (STS) and other aligned traditions. In this paper we will present two
aspects of ethno-mining: a) its use as an in-field tool and the analytic entanglements that it
entails, and b) its use as a representational tool and its reception in corporate presentations.
In doing so we will highlight the complexities and complicities of using ethno-mining.
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Hybridization, Co(a)gents and Ethno-Mining:
Or, Ethno-Mining is a Reese’s Peanut Butter Cup, Not an Oreo

Many readers might recall those commercials where a kid comes home from school and
gets an Oreo and a glass of milk. The first thing the kid does is separate the Oreo in order to
eat the center first (or last). Reese Peanut Butter Cup commercials, on the other hand,
emphasize chocolate and peanut butter going together to create something delightfully new.
No one ever tries to separate the chocolate from the peanut butter because the joy is in the
joining “two great tastes” into one. In theoretical circles, this joining is sometimes referred to
Michael’s (2004) recognizes how field research often has numerous kinds of interactions and
relationships that are hybrids. To understand these relationships, he has developed an
analytic framework around “co(a)gents”. He desctibes co(a)gents as “heutistic probes with
which to examine and explicate relations, connections and interactions that are barely
apparent but nevertheless serve in the (de)constructing of everyday routines” (2004:10).

Indeed, at the core, this is what we are attempting to do with ethno-mining. These data serve
as co(a)gents to assist the researcher in deconstructing the phenomenon being studied. For
example, a researcher might (as we document below) use traces of computer usage to
provide a different lens on issues of temporality. In this way, ethno-mining is a hybrid, not a
“mixed method”; it is two elements that cannot be separated out. Having said that, traces of
each of the ingredients can still be seen - the same ethos of ethnography (open-ended, co-
constructed, holistic field research) integrated with the empirical and analytical capacities of
quantitative data mining. By integrating both automated data collection and discursive
storytelling, ethno-mining does not separate out the quantitative and qualitative data from an
ethnographic ethos. Numbers are treated in ways that surface gualities in addition to
quantities.

WHAT WE DID

In our work, which was an exploration of computer usage and temporality, we
employed detailed interaction logging on personal computing devices (laptops, netbooks,
ultra-mobile PCs, smart phones). In some studies, we have also asked participants to carry
other behavior tracking devices, like cell phones outfitted to collect the participants’ physical
location at the timescale of seconds. While such data does not provide a comprehensive view
of all aspects of contemporary life, it does provide a deeper view into many aspects of
contemporary human behavior. To help contextualize this tracking data, we rely on other
ethnographic methods to collect data on the behaviors that are not tracked and on
perspectives and meanings of the tracked behaviors that are not directly captured in the
quantitative data. The various streams of data are integrated using the iterative analysis
process described below.

Tracking people’s interactions with computing devices is possible through the

affordances of the devices: specifically, they are designed for individual usage, they are
readily available in many parts of the world, and they are portable. Furthermore, in the places
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where we have conducted our studies, in the US and parts of Europe, computing devices are
common place and widely used; so tracking behavior through their usage was neither
conspicuous nor significantly disruptive to the study participants’ lives. In terms of the
variables we tracked, we collected details on the internal functioning of the devices as well as
details on the types of information participants were accessing. This yielded a sense of where
machines were being strained, but it also enabled us to create visualizations of the
temporality with which devices were used. This enabled us to have discussions with
interviewees about the relation between their feelings and experiences of busyness, and the
computer. The interviews revealed the subjective conceptions of device use both as an
activity in its own right and as a component in wider webs of activities that constituted
relevant contexts around the usage (Rattenbury 2008).

As shown in Figures 1 and 2, the visualizations we created were evocative. That is, they were
so complex that they required interpretation. The colors and times of day had a pattern that
did indeed correspond to the device tracking, but wete not directly obvious what color
corresponded to what. Interviewees (and us researchers) would physically move back and
forth, first close up then further away, find the right perspective to tell a particular story
about what was happening. Decisions were being made about what the relevant scale of
temporal experience was. Although not by design, it happened that the location tracking
component sometimes indicated that a person switched locations when they had not. This
served to remove some of the authority that participants tended to grant such ‘objective’
data, and made it much more comfortable for them to have something to explain. At times
identifying what the colors could possibly represent—a ‘mistake’ or a movement, given their
time of day and duration became a puzzle of sorts that generated the sorts of discussions
about temporality that one simply cannot have otherwise. What began as a means of getting
around impossibility of doing long term participant observation (see below) became its own
mode of interpretation. It became no longer the poor man’s substitute for not being there,
but its own nexus of meaning.
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FIGURE 1. This figure displays part of a data visualization used during an ethno-mining
contextual interview. The visualization plots computer use and relative user location. Each
day of data is plotted horizontally, from midnight to midnight. The zoomed in portion of the
figure (bottom-right) plots a little more than 3.5 hours of May 29", 2008 for a single user. The
top portion of each day’s plot corresponds to user input (the denser the markings, the more
the user was typing on the keyboard or using the mouse). The thick center line for each day
plots the focal application (each application is assigned a unique color). The bottom line for
each day plots the user’s relative location — separate locations are assigned separate colors;
however the physical or semantic identity of each location is unknown.
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FIGURE 2. This photograph illustrates the collaborative interpretation of a data visualization
during an interview. The data visualization in this photograph is the same as in Figure 1.

The formats of these visualizations ate created by us, the researchers, and hence contain
our perspectives on what might be interesting or meaningful findings. We tried, however, to
leave the content in the visualizations in their rawest and most complete state — avoiding
even simple transformations like taking averages or only displaying subsets of data. We have
found that if these artifacts are to act as mediators, they must in a sense be foreign to both
parties. That means that these visualizations are best designed in coordination with certain
principles in mind. First, they ought to include as much data as possible, to allow for as
much iteration between findings and framings as possible, and to give both the researchers
and participants plenty of material to construct narratives in the joint-interpretation process.
For example, we included user inputs like key clicks and mouse movements, application use,
location, etc., without knowing apriori which would be the important indicators of what
someone was experiencing temporally. Second, they ought to provide enough interpretive
space (or ambiguity) for the researchers and study participants to generate multiple
complimentary and competing narratives. Here we kept the labeling of the colors at some
physical distance, and exploited the accident of inconsistent location sensing. Finally, and in
some tension with the latter, visualizations ought to be visually accessible/legible by both the
researchers and the study participants. Complete data occlusion ceases to be evocative. In
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every interview, we found that brief oral descriptions of how one might read some small
portion of it (e.g., the middle of the chart is the middle of the day, the colors correspond to
programs you used, etc.) to were sufficient to enable study participants to effectively
incorporate our visual language into their thinking. After about five minutes, all our
participants established certain fluency and artfulness in reading this data that otherwise is
there to make the familiar seem strange.

What started out as obtuse and not intuitive quickly became something intriguingly
interpretable, and indeed personal. Participants often asked for copies of them afterwards,
as the process of interpreting it gave them a different way of seeing a short interval of their
life. In our case, the visualizations allowed us to have a conversation with middle class
Americans about time use that helped both them and us get beyond the dominant and highly
charged discourses of being busy (Darrah et al. 2007, Shore 2003), while at the same time
creating enough space to observe when and how this discourse is made visible and invisible,
what activities are consistently enrolled in its frame and which are not. People began to
question for what, exactly, one was ‘busy’ and under what circumstances. It evoked multiple
connections to wider contexts, and exposed a number of implicit assumptions about the data
and its semantic status in both researcher and participant. This proved to be more
informative than trying to observe or interview about such assumptions. The co-
construction of meaning enabled traces of computer use to be more than simply a way of
capturing patterns of minutia that people might not themselves remember. It created a third
space in which interpretive frames might be negotiated and re-negotiated. It surfaced, as
Latour has called for, the contradictory and controversial nature of matters of concern (see

epigraph).
ETHNO-MINING IN RELATION TO IMAGE CAPTURE TECHNIQUES

Like video, photographs and time diaties, ethno-mining attempts to capture observable
behavior in a ways that facilitate analysis. The data that is automatically collected through
sensors and other technologies we refer to as bebavior tracking data (ethno-mining being the
iterative research process described above). Behavior tracking data broadly includes any
numerical data that registers some consequence of an individual or group of people acting in
the world: e.g., their physical movements, their interactions with physical or virtual
objects/information, theit interactions with other people, their health, etc.. In this sense, we
are celebrating Strathern’s claim that “ social anthropology has one trick up its sleeve: the
deliberate attempt to generate more data than the investigator is aware of at the time of
collection . . . a participatory exercise which yields material for which analytical protocols are
often devised after the fact” (Strathern 2004:5). There is continuity to be found with
traditional' ethnographic research tools.

To the extent that ethno-mining produces an excess of data, we find ethno-mining to be
analogous to descriptions of using video from the 1990s. Suchman and Trigg (1991) were
able to capture interactions and behaviors that would have perhaps been otherwise
unnoticed or unseen through video. The sensing and tracking softwate that we have today
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can similarly capture data related to the often unseen or unnoticed. For example, in our
study we could easily track behavioral events at sub-second timescales, 24 hours per day for
multiple weeks or months, or even years, and simultaneously for hundreds of people. In
additional to gaining a wider view into human behavior, some of the data can also track the
direct impact of these behaviors on physical and virtual environments (e.g., on the physical
and virtual computing infrastructure: Ratti 2006). There is more at work than a mere glut of
data points. Images can surface that which we do not see for its familiarity, or more
embodied less discursive, forms of knowledge. It is only upon reflection that photos or
videos take on its new relevance, when combined with other sources of data input. Ethno-
mining works in a similar manner, in the sense that what at once is unremarkable becomes a
pattern of note when combined with other data sources.

There is a tension, however, just as there has historically been a tension with other
technologies in fieldwork. Ethnography in corporate settings is often embraced as a method
of observation (Sunderland and Denny 2007). Obsetvation carries with it notions of
transparency of meaning and the capturing of facts. Observational data is a key part of what
makes research trustworthy in corporate settings. Conceived of in this way, ethnography
catries symbolic ties to the natural sciences with the obsession around observing and
counting as facts, rather than the interpretations, co-creation and social production of
insights. Popular media reflect this the notion, often highlight the behavioral observation
aspect of conducting field research, an article that featured Intel in Business Week (2006)
started with a with a picture of “ethnographer” in lab coats looking down into a house to
observe people. Similarly, in the film Kitchen Stories, which is a dramatization of a
relationship between an observer and the observed, the observer, sits in a comically high
chair in the corner. The chair symbolizes the distance between observers and observed
which over time becomes even more preposterous and breaks down.

In corporate settings, many technologies in field research are used to present work as
akin to scientific observation studies of behavior — resulting in the rapid adoption and
widespread use of data capture devices in these contexts. Tape recorders, cameras and video
tape have all been field research tool additions that have changed how field research is done
(a few examples from video: Askew and Wilk 2002; Barbash and Taylor 1997; Ginsburg,
Abu-Lughold, and Larkin 2002; Pink 2001; Ruby 1980, 1991) and relationships with
participantsi in research. Indeed, when much of what has been recognized as classic field
research was conducted in anthropology, these technologies were rare if used at all. Today,
photography and video hold a central position in field research, particularly with the research
being done for corporations as for managers they signify that scientific research is being
done. These are the technologies that have been used to capture behavior and also to
represent data to corporate audiences. In the last seven years, to our knowledge we have not
seen a request for proposals (RFP) go out from companies to consultants for ethnographic
work that does not assume video recording as part of the research technique and
representational deliverable.
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We see ethno-mining as being very similar to these technologies, particulatly video, in
terms of the appeal beyond academia. It also raise similar fieldwork issues around what the
data means, relationship to participants and the public reception of how these are
represented. Photography and videography can both work to distance the researcher from
the participants in the study (Wakeford 2005). The technology itself literally can become the
filter through which the researchers and participants interact. This creates a sense of
“objective” distance — as something happening over there that “scientists” can observe form
over here. The behavior tracking data aspect of ethno-mining can be viewed similatly.
Tracking data by itself, not as part of ethno-mining, similarly gives the appearance that
researchers are objectively removed from the participants and the research sites. However, it
can, as we outlined above, be used as a component for building relationships with
participants, ultimately enabling new narratives from them. In our case, this interpretive
bent is more than just in how the data is used, and extends to how it is created and given
material form. The visual form we give it goes to some lengths to make very clear that
tracking data is not ‘true’ in any straightforward sense, but awaiting social interpretation,
(de)construction and debate.

Nevertheless, like previous technologies, behavior tracking has the potential for dual
reading — e.g., the researcher might unpack and interpret it for the benefit of a stakeholder,
and design a visualization that frustrates attempts at a reductionist reading, and nevertheless
it might be (and at times in our experience has been) taken to be “transparent” data collected
(Nafus and Anderson 2005). Ethno-mining carries with it the same risk. Just as images of,
say, a photo of a child putting up graffiti on a wall in a favella might be made to be
‘transparently’ about Brazil as a nation of starvation and lack of opportunity, so too ethno-
mining can be interpreted as more “real” or truer than other methodologies anthropologists
employ. Indeed, as we document below, this slippage affords both a foot in the door in
strategy discussions and product planning efforts, and yet immediately becomes a constraint
as engineers struggle with the idea that numbers require interpretation beyond back of the
napkin common sense-making. This is all to point out that, simply, there is a long history of
this sort of problematic, well before ethno-mining techniques became possible. While there
are measures that can be taken to encourage a more careful interpretation, — i.e., using it in a
soft way to explain what ethnography is to those otherwise inclined — the opposite can (and
often does) happen.

Before we discuss the representational politics of ethno-mining, one further comparison
with previous technologies is worth noting. What ethno-mining does particularly well is it
extends the social, spatial and temporal scope of research. Indeed, we created this technique
as a response to the temporal pressures of working in industry that prohibit field research of
any length. In cases where it is not feasible to literally spend months on end in the company
of a research participant, ethno-mining can provide some set of clues about what may have
transpired between visits, or at least a way of talking about it. In this way it has the ability to
resurface, though not replicate, some aspects of serendipity that long-term Malinowskian
tieldwork was built to capture. But it also reminded us in a new way the constraints and
limitations participant observation has always had. For example, in attempting to follow
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where people used their laptops around the house, we employed location sensing technology
on the laptop, rather than video cameras, because we could track the usage of the laptops
when they were used in bed—not join people in bed.

We remind readers that behavior tracking cannot be relied upon to be the sole method
of field research for the purposes that ethnographers are usually hired. The behaviors which
manifest themselves through trackable objects tell a partial story—a very small slice of much
larger lives. We do believe, however, that it does powerfully extend our field research tool
kit and does not, a priori, lead one down a slippery slope into panopticality and complicity in
the growing culture of audit and surveillance.

PRACTICALITIES

We have discussed the relative advantages of using ethno-mining; however, we should
also make some note on the pragmatics of using this approach in field research. The primary
design trade-off that must be balanced when choosing a device, or devices, to collect
behavior tracking data is zinimizing disruption to the study participants while maxinzizing
comprebensiveness of the data. This is particularly acute in cases where the participant is carrying
around a device most, or all, of the time (e.g., the data collection device used by Clarkson
(2002) is far too conspicuous and invasive for a large sample size study). This entails
ensuring that the data collection device is fairly inconspicuous, making sure that the devices
have sufficient power (or recharging capabilities) for the duration of the study, the collected
data is stored and transferred in a reliable way. For example, our first few attempts struggled
with off-the-shelf GPS systems, which required a recharge in the middle of the day and
contained only enough data storage for a day’s worth of readings. This meant that the
burden on participants was not reasonable and that aspect of the research had to be
abandoned.

While location sensing at first appeats to be the obvious candidate for behavior
tracking, it is worth thinking expansively about the kinds of sensing that is possible. For
example, clicks on a keyboard got us a sense of temporality that location did not. Care (and
a sense of experimentation) needs to be given to thinking through which devices are capable
of detecting which aspects of participants’ lives, and whether the data collected can
reasonably be expected to bear some link to data collected via other ethnographic
techniques. For some purposes, the points at which there is a disconnect that might also be
useful. For example, our work tracked spikes of CPU utilization, some of which was user-
driven and some of which was machine-driven. For those inclined towards actor network
theory, these new and odd ways of linking goings on in the non-human world (here, the
CPU) and the human world may in fact be particulatly evocative.

CORPORATE IMPACT
We used data that looks curiously similar to datamining in order it to create common
ground with research participants, who make their own interpretations of its meaning.
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Common grounds might also be created with others who also have stakes in the research.
Corporations all too often struggle to understand the seriousness of qualitative insight.
Arguments are all too often made invisible, as if done by voodoo, if they are not told
through numbers. In the way that ethno-mining works to de-naturalize the apparently
‘empirical’ and create a common problem to be interpreted by both research participant and
researcher, it has value too for the wider enterprise.

In our own case, we see our own use of quantitative data as engaging with two,
fairly distinct subcultures that privilege quantification in their own ways—engineering and
econometrics. Companies are engaged in discourses, both internally (operationally) and
externally, that center on quantified measurements of their financial viability and success.
These measurements are used both retrospectively and prospectively — to assess what
happened and what might happen. To engage in operational discussions, researchers at Intel
must often translate their opinions, findings, ideas, etc. into numbers: how many people did
you interview, how many of them displayed a particular behavior, and how many of them
can we rely on to conduct this behavior in the future, etc.. The engineering parts of our

company work in astounding levels of quantitative precision. This precision is required to
build micro-processors, the components of which might as well be considered
nanotechnology. Consequently, to engage in a discussion with engineering groups of our
company, we have to translate the description of our findings into precise quantitative terms.
This translation does not need to be complete — i.e., we do not have to generate reports that
are entirely composed of precise, nanosecond-by-nanosecond measurements. However, we
need to identify crucial intersections between our findings and the concerns of the engineers
in our company, and then find ways to quantify aspects of our findings in these intersections.
By expanding the sample size and directly measuring some aspects of behavior, researchers
can in fact perform this kind of expected quantification. But perhaps more importantly, it
can render the wider ethnographic thinking more palatable overall. For example, from our
study of time use and technology in middle class America, we have indeed spread within our
own company something of an understanding of the lived and perceived temporality of
computer use and daily life. The appearance of numeric data gets us “in the doot”, but the
insights from ethno-mining provides us with a continuous place “at the table”. For example,
our understanding of the temporality of daily American life touches on many topics that
extend well beyond computing devices and their use. That said, this temporality does
provide explicit implications for technology design like managing system responsiveness and
power management at the time-scale of seconds and minutes instead of tens of minutes or
hours (Rattenbury 2008). These engineers don’t necessarily why people do things in this way,
though other parts of the company does.

This does not mean that the qualities go out the window in the interest of corporate
expediency. Earlier we emphasized the quality, not quantities of numbers and the co-creation
of research insights with participants. Just as we have worked to create new kinds of
representations of data to use with participants in our field research, so too we’ve labored on
new ways to present ethno-mining materials internally to the corporation. Ethno-mining, by
having the appearance of capturing “real” data also affords the opportunity to share its
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messiness, allowing for a co-creation of interpretation in corporate meetings as well as in
field research. Figure 3 is a chart of time of day of computer from a study we did on
notebooks. The x-axis represents the hours of the day, from midnight to midnight. Each line
on the y-axis represents a participant in the study. The more yellow spots on the y-axis line
are, the more the computer was used during that time segment over the ~8 weeks of the
study.

6AM noon 6PM

FIGURE 3. This data visualization was used during presentations to senior management, new
product planners and platform engineers. The figure illustrates how we have attempted to
demonstrate heterogeneity of the data and call into question the transparent reading of
“facts” of quantitative data. Each line of the y-axis is a participant in our study. The x-axis is
time, from midnight until midnight.

If we were just taking a quantitative approach we could present a “fact” that 40% of usage
happens from 6-midnight, 10% from midnight to 6AM, 20% from 6AM until noon and 30%
from noon until 6PM. Indeed such facts were asked for and we resisted providing them.
Instead, we held a discussion about what was and was not predictable about computer use in
conditions of such temporal heterogeneity.  When presenting this material, colleagues in
the meeting are not always sure what to make of the data. Indeed, this is one of our goals in
presentation, to open interpretation by calling into question “the known” and what are
“facts”. The representations allow us and colleagues in a meeting to challenge the objectivity,
reliability and neutrality of “facts,” ironically by being even more fact-like. This becomes an
occasion to highlight why this temporal heterogeneity matters so much culturally, where the
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precise schedule and management of time has become the dominant way of understanding
temporal experience. Here, we are able to use the data combined with our cultural analysis to
highlight the heterogeneity of participants, to bring to the fore ground the multi-
dimensionality of the lived experience by multiple people in multiple places. Engineers and
managers could come to see this more readily through the lens of something they felt far
more intimate with —the machine.

Since representations of participant behavior have relatively high power within our
corporation, we are presenting another example from one of our presentations. In this case,
in Figure 4, the x-axis corresponds to participants in the study, while the y-axis is the percent
of the incidents of sessions and the colors represent different durations of sessions.

P

FIGURE 4. This data visualization was used during presentations to senior management, new
product planners and platform engineers. Each vertical set of stack bars corresponds to a
separate study participant. The colors represent different events, in this case durations of
computer usage) and the heights of the bars give a relative probability of occurrence for each
of these events, for each participant.

The data could be presented as a table, for example:

notebooks UMPCs
50% of sessions are shorter than 3.5 mins 2.7 mins
70% of sessions are shorter than 8.7 mins 6.7 mins
90% of sessions are shorter than 25.8 mins 18.4 mins

Presented as such, the facts leave little room to include a discourse on the social nature of
temporality—why, for example, the longer session remains a significant part of usage even for
those who skew most radically to the brief interaction. Instead, presenting the behavior
tracking data visually in a more complete way affords an opportunity to highlight the
importance of our cultural analysis while grounding the conversation in a concrete shared
object of charts from the ethno-mining data.
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Visualizations such as these allow us to recast a single, coherent set of findings
differently relative to different audiences. In the two cases above, we could use one
narrative line with engineers, needing to focus on engineering decisions for computer
platforms in 2013, while using the same charts and data, we were able to carry on a
completely different narratives around what people’s “needs” will look like in 2015.
Ultimately, ethno-mining produces rich findings — where “rich” here means multi-faceted,
interwoven (with multiple narratives), multiply connected to wider contexts. This richness is
achieved by collecting multiple types of data, working inventively and collaboratively with
study participants to interpret this data, and working iteratively to identify a multiple of
connections between findings and contexts — i.e., to treat the phenomena of study as matters
of concern instead of matters of fact.

CONCLUSION

We have presented an overview of our use of ethno-mining, a method that
combines the ethos of ethnography with database mining techniques around behavioral data.
We have argued that technological advancements in hardware and software provide an
opportunity to make ethno-mining as core to the field research tool kit as video and
photographs are today. As with all technologies and techniques in field research, ethno-
mining comes with some risks, as well as rewards. On the rewards side, we particulatly found
behavioral data representations with participants in the field were an effective tool in the co-
creation of research data. Whether one adopts something like ethno-mining or not, it does
call into question what we, as a field, are doing around new field research techniques.
Predominately, the innovative techniques that have emerged in practice in recent years have
come through design research practices, not anthropology. For example, design researchers
have created games like “Digital Street Games” (Chang 2004) as a method to learn more
about notions of public and private. In that project, researchers asked participants to
document their lives, from a sensot’s point of view. While creative, imaginative and
insightful as these techniques have been, ethno-mining has enabled us to be perceived as
having impact and staying relevant during these economic down times through its perceived
seriousness. Indeed, our use of ethno-mining has been so taken up in the company, that
requests for us doing it have matched the kinds of requests we had four or five years ago for
doing video with field research. We only hope that careful use and reflexive practice of doing
ethno-mining continues to work against the strong corporate impetus to simply create more
data.

NOTES

This research could not have happened at Intel without the support and assistance of
Maria Bezaitis, Ashley Mccorkle, Joyce Hao, Sasha Roseneil, Cristina Santos, and Mariya
Stoilova. We thank Allison Woodruff for thoughtful comments on both the method and this

paper.
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"We give a nod to Nina Wakeford (2005) on the words “traditional ethnography” - "The
term traditional ethnography makes me shudder, as much as the term family tradition
does"

" We have used the term “participants” to refer to people in our studies since the 1980s.
We highlight this use because it notes that these people are participating, co-creating with
us our data, findings and insights. By focusing on participation, it has us thinking
carefully about methods we use and how we use them. We contrast this to other common
terms like: informant, respondent, subject, which all signify a different relationship in
field research.
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